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ABSTRACT 
International Journal of Exercise Science 10(5): 690-701, 2017. High levels of 
endurance training have been associated with potentially negative health outcomes and 
addictive-like symptoms such as exercise in the presence of injury and higher levels of 
impulsivity. This pilot study examined the relationships among self-report measures of addictive 
symptoms related to exercise and behavioral and neural measures of impulsivity in endurance 
runners. We hypothesized endurance runners would have increased preference for immediate 
rewards and greater activation of cognitive control regions when making decisions involving 
delayed rewards. Twenty endurance runners (at least 20 miles/week) were recruited to undergo 
measures of self-report exercise addiction symptoms, impulsive decision-making (delay 
discounting) and functional magnetic resonance imaging (fMRI). During behavioral and fMRI 
examinations, participants chose between a small hypothetical amount of money given 
immediately ($0 – 100) compared to a larger hypothetical amount of money ($100) given after a 
delay (2-12 weeks). On half of the trials participants were instructed that if they chose the delayed 
reward they would not be able to exercise during the delay period. Eighteen participants were 
included in the analysis. Results indicated that 94% of endurance runners reported high levels of 
exercise addiction symptoms, and 44% were “at-risk” for exercise addiction. In addition, 
endurance runners demonstrated increased preference for immediately available compared to 
delayed rewards (p < 0.001) and greater recruitment of cognitive control regions (dorsomedial 
prefrontal cortex and anterior cingulate) when making decisions involving rewards when 
exercise was delayed (p < 0.05). Together, these results indicate that endurance runners not only 
report addictive symptoms related to exercise, but also demonstrate addictive-like behaviors. 
 
KEY WORDS: Impulsivity, delay-discounting, endurance training, running, 
monetary reward, cognitive control, brain imaging 
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INTRODUCTION 
 
Exercise is generally considered to be healthy however only 51% of United States adults meet 
the physical activity guidelines that recommend 150 minutes of moderate intensity aerobic 
exercise per week (1, 24). On the other hand, endurance athletes sometimes show addictive-
like symptoms involving exercise (6, 11, 18). These symptoms include, continuing to exercise 
despite negative outcomes, including physiological and psychosocial consequences. 
Symptoms can include addictive-like withdrawal from exercise and the inability to regulate 
exercise levels when they exceed healthy ranges (5, 20). Exercise addiction can be defined 
based on the same criteria used to define other addictive behaviors including, tolerance, 
withdrawal, lack of control, reduction in other rewarding activities, and continuance despite 
negative outcomes (20). For example, runners who 1) find they need to run more to experience 
the same positive psychological effects (e.g. runners high), 2) experience depression or 
irritability when unable to run, 3) find that running time interferes with other responsibilities 
(e.g. work, family, etc), or 4) exercise despite physical injury may have an addictive-like 
relationship with exercise. Measures of exercise addiction quantify the number and/or type of 
addictive symptoms in order to identify individuals who may be “at-risk” for exercise 
addiction (33). There is also some evidence from animal and human studies that females may 
be at higher risk for developing exercise addiction, however this is not consistent across all 
studies (14).  
 
Impulsivity is a multidimensional personality characteristic that can lead to maladaptive 
decision-making and is a contributing factor to addictive behaviors (7, 12). Impulsivity can be 
measured behaviorally with an experimental paradigm known as delay discounting, which 
assesses how people weigh immediate rewards versus long-term consequences. Addictive 
populations (e.g. individuals who smoke cigarettes, gamble, use cocaine, engage in risky 
sexual behaviors, overeat, etc.) show a greater preference for smaller, immediately available 
rewards over larger, delayed rewards (6, 11, 18).  This preference for immediately available 
rewards has been suggested as a potential behavioral marker of addiction (7). Moreover, 
addictive populations discount their drug of choice (e.g. cocaine, cigarettes, food) at steeper 
rates than money (8, 10, 21, 31) demonstrating a preference for what is perceived as a positive 
immediate outcome of the drug of choice over long-term potentially negative outcomes. 
Unlike exercise addiction, some studies show greater discounting for males compared to 
females (17, 29).  Gender differences in discounting may be related to the specific discounting 
task used or population examined. For instance gender differences are present when using 
real-money but not when using hypothetical rewards (29) or present in addictive populations 
(i.e. smokers) but not in controls (17). 
 
Neuroimaging studies of delay discounting show activation in cognitive-control regions, such 
as the dorsolateral, dorsomedial prefrontal cortices (dlPFC, dmPFC) including the dorsal 
anterior cingulate cortex (dACC), when participants make decisions involving delayed 
rewards, and activation in reward regions, such as the ventral striatum, when participants 
make decisions involving immediately available rewards (27, 34). In addition, the ACC 
activation is more robust in studies where the decision to choose the delayed reward requires 
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more effortful (e.g. participants must exert more effort in a motor task, or do a cognitively 
demanding task) (23).  Other brain regions involved in delay discounting include regions of 
the temporal cortex which appear to be related to higher levels of impulsivity and may reflect 
the incorporation of affective processes in decision-making (13). 
 
In summary, high levels of engagement in exercise have been linked to addictive-like 
symptoms regarding their relationship with exercise.  Studies in other addictive populations 
demonstrate increased levels of impulsivity indexed by a preference for small, immediately 
available rewards over larger delayed rewards, yet little is known about the relationship 
between exercise addiction and behavioral and neuroimaging measures of impulsivity.  
 
The purpose of this pilot study was to explore whether or not endurance runners (greater than 
20 miles per week) (19) demonstrate addictive like behaviors in terms of behavioral and brain 
responses during a delay discounting task and if these responses were exacerbated in 
endurance runners “at-risk” for exercise addiction. In order to tailor the discounting task to 
endurance runners and index addictive symptoms, we examined discounting behavior and 
brain responses when participants were instructed that choosing the larger delayed reward 
over the smaller immediately available reward would mean that they would not be allowed to 
exercise during the delay period (Ex-) or would be allowed to exercise as usual during the 
delay period (Ex+). Based on previous studies in other addictive populations we hypothesized 
that endurance runners would have increased preference for immediately available rewards 
and greater activation of cognitive control regions when making decisions involving delayed 
rewards and that this would be greater when participants were told that exercise would be 
withheld during the delay. 
 
METHODS 
 
Participants 
Endurance runners were recruited from local running stores and from the community. 
Inclusion criteria included: being between 20-60 years of age and running at least 20 miles per 
week (19). Exclusion criteria included the following: any known cardiovascular disease, 
diagnosis of cancer and/or receiving chemotherapy or radiation therapy, ischemic 
cardiovascular event or coronary artery bypass surgery less than 3 months ago, 
claustrophobia, magnetic resonance imaging (MRI) contraindications, pregnancy, diagnosis of 
a neurologic or psychiatric disorder (including eating disorder), and currently taking 
psychotropic medication. All participants provided written informed consent, and the study 
protocol was approved by the University of Kansas Medical Center Human Subjects 
Committee. Participants completed two appointments during the study.  The first 
appointment consisted of consent, completing self-report measures of exercise addiction and 
heart rate variability measures.  The second appointment included a practice delay 
discounting task and the MRI session. 
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Protocol 
The Exercise Addiction Inventory (EAI) was used to assess addictive-like symptoms (33). The 
EAI is a valid assessment of attitudes and beliefs about exercise. Individuals respond to six 
items, such as “Exercise is the most important thing in my life”, on a 5-point Likert-type scale. 
Individuals with mean scores between 13 and 23 are considered to have symptoms of exercise 
addiction, and scores greater than or equal to 24 are considered “at-risk” of exercise addiction. 
The internal reliability of the EAI is 0.84 (Cronbach’s alpha) (33). 
 
The delay discounting task was performed in and out of scanner. During the delay 
discounting task, participants made a series of hypothetical choices about whether they 
preferred a smaller amount of money given immediately ($0 – 100) or a larger amount of 
money ($100) given after a delay of 2, 4, 6, or 12-weeks. On half of the trials participants were 
told that they would not be able to exercise during the delay (Figure 1). The reward values 
were based on previous delay discounting studies in addictive populations (28). Hypothetical 
delay discounting scenarios have been used in previous studies and show no difference in 
terms of behavioral responses (16). 
 
 
 
Figure 1. Example of the delay discounting task in the scanner. Ex+ was exercise as usual during the delay 
condition, and Ex- was not exercise during the delay condition. Ex+ trials were indicated with running shoes and 
Ex- trials were indicated with crossed out running shoes. 
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Participants completed a practice delay discounting task outside the scanner. The practice task 
introduced participants to the task and provided behavioral data (i.e. indifference points) used 
to tailor the task to each participant based on his/her preference for immediate and delay 
rewards. Indifference points were obtained Ex+ and Ex- conditions. In order to estimate each 
participant’s indifference point, participants were presented with eight questions to narrow in 
to the subject’s indifference point by a third for each question (22, 35). Indifference points were 
calculated prior to the fMRI to create an equal number of trials where the participant would be 
expected to choose the immediate and the delayed reward. Participants then completed the 
delay-discounting task in the scanner. Participants completed six rounds of 24 monetary and 
exercise decision-making trials (144 total trials). Each round was about seven minutes long (see 
Figure 1 for specific timings). Optimal timing of trials was estimated using Analysis of 
Functional Neuroimage (AFNI) stimulus timing program (make_random_timing.py).  
 
Scanning was performed at the University of Kansas Medical Center’s Hoglund Brain Imaging 
Center on a 3-Tesla Siemens Skyra scanner. T1-weighted 3D MPRAGE anatomic images were 
obtained (TR/TE 23/2ms, flip angle 9°, FOV = 256mm, matrix = 256 x 176, slice thickness = 1 
mm). Gradient echo blood oxygen level dependent (BOLD) scans were acquired in 35 
contiguous slices at a 40° angle to the AC/PC line (TR/TE = 2000/25ms, flip angle = 90°, 
matrix = 80 x 80, slice thickness = 3 mms, in-plane resolution = 2.9 mms). All functional scans 
were acquired at a 40° angle to the AC-PC line to optimize OFC signal by minimizing 
susceptibility artifact. 
 
Statistical Analysis 
T-tests were performed in IBM Statistical Product and Service Solutions (SPSS) Statistics, 
version 21.0, (SPSS IBM, New York, U.S.A.) to determine differences in impulsive decision-
making between Ex+ and Ex- conditions. Discounting rates were calculated using the 
following formula: V = A/(1+kD) where V is the indifference point, A is the amount of the 
reward, D is the value of the time delay, and k is a parameter that reflects how V decreases as 
D increases (25). After calculating k-values the area under the curve (AUC) was calculated as a 
measure of impulsivity (32). Higher levels of impulsivity are associated with lower AUC and 
steeper discounting rates. Dependent t-tests were performed to examine differences in 
discounting rates for Ex+ and Ex- conditions between participants considered “at-risk” for 
exercise addiction (i.e. scores greater than 24) and those who were not “at risk”.  
 
Data pre-processing and statistical analyses were performed in AFNI (Medical College of 
Wisconsin). Preprocessing steps included motion correction, alignment, spatial smoothing and 
spatial normalization. Time points during which participants moved more than 0.3 mm in any 
direction within a TR (2000 ms) were censored (i.e. removed from the analysis). The images 
were spatially smoothed with a 4 mm FWHM Gaussian blur. Data were resampled to a 2.5 x 
2.5 x 2.5 resolution. Participants’ anatomical and functional scans were spatially normalized to 
Talairach stereotaxic space using AFNI’s automated algorithm. Statistical contrasts were 
conducted using multiple regression analysis with motion parameters included as nuisance 
regressors. Regressors representing the experimental conditions (Ex+, Ex-) for the decision 
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making phase of each trial were modeled with a hemodynamic response filter and entered into 
the multiple-regression analysis using a random-effects model. Duration modulation 
regression in AFNI was used so that the decision phase included the time from the 
presentation of the cue until the participant responded.  
 
Whole-brain voxelwise t-tests were conducted to identify task related activation during Ex+ 
compared to Ex- conditions. Activations were corrected for multiple comparisons based on 
Monte Carlo simulations using AFNI’s 3dClustSim. This resulted in a cluster size of at least 53 
voxels (pcorrected < .05; pvoxelwise < .01).  Percent signal change was extracted for regions 
showing significant differences between Ex+ compared to Ex- conditions and t-tests were 
performed to examine differences in brain activation between participants considered “at-risk” 
for exercise addiction (i.e. scores greater than 24) and those who were not “at risk”. 
 
RESULTS 
 
Twenty runners (8 female) were enrolled Participant characteristics are reported in Table 1. 
Two participants were excluded from the behavioral delay discounting and functional (MRI) 
analysis due to excessive motion during the MRI.  Overall, 94% (n=17) of participants showed 
exercise addiction symptoms with scores between 13 and 23 on the Exercise Addiction 
Inventory (Mean = 22.33, SD = 3.91, Minimum = 11, Maximum = 28). Moreover, 44% (n=8) of 
the participants had scores greater than 24 indicating that they were “at-risk” for exercise 
addiction. 
 
Table 1.  
Variable Mean (SD) Range 
Age 
(years) 
 
40.35 (8.35) 27 – 55 
Weekly mileage 
 
33.28 (8.61) 20 – 55 
EAI  
Score 
22.33 (3.91) 11 - 28 
 
Overall, participants showed increased discounting for Ex- trials (AUC = 0.10, SD = 0.20) 
compared to Ex+ trials (AUC = .49, SD = 0.26; t(17) = 3.83; p < 0.001). No significant differences 
were found for discounting rates between participants “at-risk” for exercise addiction and 
those who were not considered “at risk” based on Exercise Addiction Inventory scores.  
 
The dmPFC (x, y, z = 9, 16, 44) significantly activated more during the Ex+ condition (Figure 2) 
compared to the Ex- condition. Similarly the rostral anterior cingulate cortex (ACC, x, y, z = 9, 
24, 1) extending into the MPFC deactivated during the Ex+ compared to Ex- condition (Figure 
2).  However, the right superior temporal gyrus (STG, x, y, z = 66, -31, 11) activated more 
during the Ex- compared to the Ex+ condition. Widespread bi-lateral activation was found in 
attention and visual processing regions that were greater during the Ex+ compared to Ex- 
condition. 
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A trend was found suggesting that participants “at risk” for exercise addiction may show less 
differentiation between the Ex+ and Ex- conditions in terms of brain activation in the ACC (p = 
0.09). No significant differences in brain activation of the dmPFC (p = 0.38) were found 
between participants “at risk” compared to those not “at risk” for exercise addiction. 
 
 
Figure 2. Activation maps showing pattern of activation in the ACC, dMPFC, STG as well as, parietal regions and 
occipital regions when participants made decisions during the Ex- compared to Ex+ condition. 
 
DISCUSSION 
 
Endurance exercise might be considered an addictive-like behavior, particularly when exercise 
is continued in the face of injury and stress (5, 20). In the current sample almost all of the 
participants self-reported some level of addictive-like symptoms concerning exercise (e.g. 
placing high importance on exercise, experiencing withdrawal like symptoms) and almost half 
of the participants had scores that indicated they may be “at-risk” for exercise addiction. The 
delay discounting behavioral and brain results suggested that this sample of endurance 
runners displayed a decreased ability to wait for larger rewards and decreased recruitment of 
cognitive control regions when scenarios suggested that exercise must be delayed while 
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waiting for the rewards compared to scenarios allowed exercise during the delay period. 
However, no significant differences were found between individuals “at risk” for exercise 
addiction and those not “at risk” bases on scores on the Exercise Addiction Inventory. 
  
The behavioral results showed greater discounting of delayed monetary rewards when 
participants must forgo exercise while waiting for the reward. These results are similar to 
those found in addictive populations where subjects show increased discounting when 
making decisions about their drug of choice (8, 10, 21, 31) and support the use of delay 
discounting as a potential behavioral marker for addictive behaviors (7). These results 
combined with the scores on the Exercise Addiction Inventory support the notion that 
endurance athletes demonstrate addictive-like symptoms that could lead to exercising despite 
negative consequences (5, 20). Specifically endurance runners in our study showed steep 
discounting when waiting for a larger reward was linked to not exercising for 2 – 12 weeks 
suggesting that endurance athletes may place greater value on exercise than other types of 
rewards. Discounting rates did not differ between those “at risk” for exercise addiction and 
those not “at risk” indicating that endurance running may drive these differences more than 
exercise addiction level. 
 
The neuroimaging results suggested that endurance runners showed altered recruitment of 
cognitive control regions including the ACC and dmPFC when making monetary decisions 
involving forgoing exercise compared to exercising as usual. Neuroimaging studies of delay 
discounting in addictive populations have demonstrated increased activation compared to 
control participants in cognitive control regions (2, 15, 30) when making monetary decisions. 
Unlike these previous studies in addictive populations the current study specifically examined 
brain activation when choices were linked to the addictive behavior (i.e. exercise) and 
suggested decreased activation in the cognitive control regions when choices are associated 
with not exercising during the delay period. This is consistent with theoretical models of 
addiction in which the cognitive control regions are considered underactive compared to 
reward-related regions which are considered overactive and lead to choices to use and/or 
continuing using a drug despite an individual’s long-term goals (3, 4, 9, 26). Consistent with 
this model of addiction, the current results suggest that altered cognitive control is present 
when endurance athletes must weigh decisions for immediately available compared to 
delayed rewards in the context of exercise availability during the delay period. Brain 
activation did not significantly differ between those “at risk” for exercise addiction and those 
not “at risk”, indicating that endurance running may drive these differences more than 
exercise addiction level. 
 
Based on the current data we cannot separate whether this preference for immediate rewards 
in the presence of not being able to exercising for the positive reward of exercise (running 
“high”) or the avoidance of negative affect related to withdrawal like sypmtoms from not 
running. Furthermore, we are unable to separate whether the preference for the immediate 
reward when is related to placing a greater value on the long-term health benefits of exercise; 
thus not exercising is less rewarding in the long-term. Future research is needed to 
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systematically address these questions and identify when choosing an immediate reward may 
actually be more beneficial for long-term health outcomes.   
 
Limitations of the current study include the small sample size, lack of control group of non-
endurance runners, and lack of measures of socioeconomic status.  Furthermore, no significant 
behavioral or brain differences were found between participants considered “at risk” for 
exercise addiction and those not “at risk”. However, scores on the Exercise Addiction Scale 
ranged from 11 to 28 with a mean of 22.33 demonstrating that all participants showed some 
exercise addiction symptoms.  Without a control group of non-endurance runners or 
individuals who do not demonstrate symptoms of exercise addiction, we cannot separate 
whether or not the differences observed in the current study are due to endurance running or 
exercise addiction symptoms. In addition, due to the small sample size, gender differences in 
exercise addiction and delay discounting could not be examined in the current study. Finally, 
socioeconomic status was not measured in the current study therefore we do not know the 
impact this may have had on participants’ behavioral decisions. Despite these limitations, the 
current results add to the literature on behavioral and neural differences in measures of 
impulsivity and exercise addiction symptoms. Specifically, our data suggest that endurance 
running relates to moderate to high levels of exercise addiction symptoms and differences in 
impulsive behavior and brain activation when presented with monetary decisions during 
which exercise was sometimes prohibited.   
 
Overall, high levels of self-reported addiction symptoms, greater levels of behavioral 
impulsivity, and altered recruitment of cognitive control regions when decisions involved not 
exercising during the delay were observed in a sample of endurance runners.  This pilot study 
tested responses to a behavioral task that has been used in other addictive populations. Future 
research will build on this study to tease apart what aspects of exercise addiction contribute to 
negative health and psychosocial outcomes and what aspects may actually be beneficial for 
long-term health outcomes.  Thus better understanding the distinction between “positive” 
addictions vs. “negative” addictions. 
 
ACKNOWLEDGEMENTS 
 
SAB was supported in part by K01HD067318 from the Eunice Kennedy Shriver National 
Institute of Child Health and Human Development. JFS was supported by 
NIHT32HD0577850. Hoglund Brain Imaging Center is supported by a generous gift from 
Forrest and Sally Hoglund and NIH (P30 HD002528, S10 RR29577, UL1 RR033179, and P30 
AG035982). 
 
REFERENCES 
1. 2008 Physical Activity Guidelines for Americans. In: USDoHaH editor. 
2. Amlung M, Sweet LH, Acker J, Brown CL, Mackillop J. Dissociable brain signatures of 
choice conflict and immediate reward preferences in alcohol use disorders. Addict Biol, 2012. 
Int J Exerc Sci 10(5): 690-701, 2017 
International Journal of Exercise Science                                                          http://www.intjexersci.com 
699 
3. Baler RD, Volkow ND. Drug addiction: the neurobiology of disrupted self-control. Trends 
Mol Med 12 (12): 559-566, 2006. 
4. Bechara A. Decision making, impulse control and loss of willpower to resist drugs: a 
neurocognitive perspective. Nat Neurosci 8 (11): 145814-63, 2005. 
5. Berczik K, Szabo A, Griffiths M, Kurimay T, Kun B, Urban R, Demetrovics Z. Exercise 
addiction: symptoms, diagnosis, epidemiology, and etiology. Subst Use Misuse 47 (4): 403-417, 
2012. 
6. Bickel WK, Jarmolowicz DP, Mueller ET, Koffarnus MN, Gatchalian KM. Excessive 
discounting of delayed reinforcers as a trans-disease process contributing to addiction and 
other disease-related vulnerabilities: emerging evidence. Pharmacol Ther 134 (3): 287-297, 
2012. 
7. Bickel WK, Koffarnus MN, Moody L, Wilson AG. The behavioral- and neuro-economic 
process of temporal discounting: A candidate behavioral marker of addiction. 
Neuropharmacology 76 Pt B: 518-527, 2014. 
8. Bickel WK, Landes RD, Christensen DR, Jackson L, Jones BA, Kurth-Nelson Z, Redish AD. 
Single- and cross-commodity discounting among cocaine addicts: the commodity and its 
temporal location determine discounting rate. Psychopharmacology (Berl) 217 (2): 177-187, 
2011. 
9. Bickel WK, Miller ML, Yi R, Kowal BP, Lindquist DM, Pitcock JA. Behavioral and 
neuroeconomics of drug addiction: competing neural systems and temporal discounting 
processes. Drug Alcohol Depend 90 Suppl 1: S85-91, 2007. 
10. Coffey SF, Gudleski GD, Saladin ME, Brady KT. Impulsivity and rapid discounting of 
delayed hypothetical rewards in cocaine-dependent individuals. Exp Clin Psychopharmacol 11 
(1): 18-25, 2003. 
11. Crean JP, de Wit H, Richards JB. Reward discounting as a measure of impulsive behavior 
in a psychiatric outpatient population. Exp Clin Psychopharmacol 8 (2): 155-162, 2000. 
12. Crews FT, Boettiger CA. Impulsivity, frontal lobes and risk for addiction. Pharmacol 
Biochem Behav 93 (3): 237-247, 2009. 
13. Elton A, Smith CT, Parrish MH, Boettiger CA. Neural Systems Underlying Individual 
Differences in Intertemporal Decision-making. J Cogn Neurosci 29 (3): 467-479, 2017. 
14. Fattore L, Melis M, Fadda P, Fratta W. Sex differences in addictive disorders. Front 
Neuroendocrinol 35 (3): 272-284, 2014. 
Int J Exerc Sci 10(5): 690-701, 2017 
International Journal of Exercise Science                                                          http://www.intjexersci.com 
700 
15. Hoffman WF, Schwartz DL, Huckans MS, McFarland BH, Meiri G, Stevens AA, Mitchell 
SH. Cortical activation during delay discounting in abstinent methamphetamine dependent 
individuals. Psychopharmacology (Berl) 201 (2): 183-193, 2008. 
16. Johnson MW, Bickel WK. Within-subject comparison of real and hypothetical money 
rewards in delay discounting. J Exp Anal Behav 77 (2): 129-146, 2002. 
17. Jones BA, Landes RD, Yi R, Bickel WK. Temporal horizon: modulation by smoking status 
and gender. Drug Alcohol Depend 104 Suppl 1: S87-93, 2009. 
18. Kirby KN, Petry NM, Bickel WK. Heroin addicts have higher discount rates for delayed 
rewards than non-drug-using controls. J Exp Psychol Gen 128 (1): 78-87, 1999. 
19. Kirk S, Sharp CF, Elbaum N, Endres DB, Simons SM, Mohler JG, Rude RK. Effect of long-
distance running on bone mass in women. J Bone Miner Res 4 (4): 515-22, 1989. 
20. Landolfi E. Exercise addiction. Sports Med 43 (2): 111-119, 2013. 
21. Madden GJ, Bickel WK, Jacobs EA. Discounting of delayed rewards in opioid-dependent 
outpatients: exponential or hyperbolic discounting functions? Exp Clin Psychopharmacol 7 (3): 
284-293, 1999. 
22. Martin LE, Pollack L, McCune A, Schulte E, Savage CR, Lundgren JD. Comparison of obese 
adults with poor versus good sleep quality during a functional neuroimaging delay 
discounting task: A pilot study. Psychiatry Res 234 (1): 90-95, 2015. 
23. Massar SA, Libedinsky C, Weiyan C, Huettel SA, Chee MW. Separate and overlapping 
brain areas encode subjective value during delay and effort discounting. Neuroimage 120: 104-
113, 2015. 
24. Matthews CE, Chen KY, Freedson PS, Buchowski MS, Beech BM, Pate RR, Troiano RP. 
Amount of time spent in sedentary behaviors in the United States, 2003-2004. Am J Epidemiol 
167 (7): 875-881, 2008. 
25. Mazur JE. An adjusting procedure for studying delayed reinforcement. Quantitative 
analyses of behavior 5:55-73, 1987. 
26. McClure SM, Bickel WK. A dual-systems perspective on addiction: contributions from 
neuroimaging and cognitive training. Ann N Y Acad Sci 1327: 62-78, 2014. 
27. McClure SM, Laibson DI, Loewenstein G, Cohen JD. Separate neural systems value 
immediate and delayed monetary rewards. Science 306 (5695): 503-507, 2004. 
28. Mitchell SH. Measures of impulsivity in cigarette smokers and non-smokers. 
Psychopharmacology (Berl) 146 (4): 455-464, 1999. 
Int J Exerc Sci 10(5): 690-701, 2017 
International Journal of Exercise Science                                                          http://www.intjexersci.com 
701 
29. Mitchell SH, Wilson VB. Differences in delay discounting between smokers and 
nonsmokers remain when both rewards are delayed. Psychopharmacology (Berl) 219 (2): 549-
562, 2012. 
30. Monterosso JR, Ainslie G, Xu J, Cordova X, Domier CP, London ED. Frontoparietal cortical 
activity of methamphetamine-dependent and comparison subjects performing a delay 
discounting task. Hum Brain Mapp 28 (5): 383-393, 2007. 
31. Odum AL, Baumann AA. Cigarette smokers show steeper discounting of both food and 
cigarettes than money. Drug Alcohol Depend 91 (2-3): 293-296, 2007. 
32. Reed DD, Kaplan BA, Brewer AT. A tutorial on the use of Excel 2010 and Excel 2011 for 
Mac 2011 for conducting delay-discounting analyses. Journal of applied behavior analysis 45 
(2): 375-386, 2012. 
33. Terry A, Szabo A, Griffiths M. The exercise addiction inventory: A new brief screening tool. 
Addiction Research & Theory 12(5): 489-499, 2004. 
34. Wesley MJ, Bickel WK. Remember the future II: meta-analyses and functional overlap of 
working memory and delay discounting. Biol Psychiatry 75 (6): 435-448, 2014. 
35. Wittmann M, Paulus MP. Decision making, impulsivity and time perception. Trends Cogn 
Sci 12 (1): 7-12, 2008. 
 
 
 
 
 
 
 
 
 
 
 
 
